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Unlocking Nature’s Secrets: The 2024 Nobel Prize in Chemistry for
“Computational Protein Design and Structure Prediction”
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Abstract The 2024 Nobel Prize in Chemistry was awarded to professor David Baker from the University of

Washington in the United States,

in recognition of his outstanding contributions to the field of

“computational protein design”; and to two scientists, Demis Hassabis and John M. Jumper, from the

UK’s DeepMind company, in recognition of their groundbreaking achievements in the field of “protein

structure prediction”.
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