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Abstract With the rapid development of big data technology, business scenarios are rapidly evolving,
witnessing a substantial increase in both the scale and intricacy of data. While it brings accessible data
resources, it concurrently presents challenges in effectively excavating and analyzing business data. This
paper first introduces the characteristics of data in complex business scenarios, then introduces the research
advancements in business analysis methodologies, encompassing large-scale business datasets, multimodal
pre-training, feature fusion and generalizable business models across diverse scenarios. The paper provides
an outlook on the future research directions of data analysis in complex business scenarios, analyzing the
key issues that need to be solved urgently, including adaptability to more modalities, interpretability of
business analysis model, and generalizability in dynamic environments. The paper summaries the research
progress and challenges encountered by generalizable models tailored for complex business scenarios,
aiming to promote scientific research progress in complex business analysis and attaining comprehensive

intelligence within complex business scenarios.

Keywords business scenarios; generalizable data analysis; deep learning; multi-modal fusion
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