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Abstract This paper systematically sorts out the development process and current situation of ChatGPT
technologies, and the coupling situation between ChatGPT technologies and the biomedical field is
analyzed. The application value of various ChatGPT technologies in the field of biomedical are expounded
from the perspective of scientific research and consumer terminal applications, their application focus,
application scenarios and characteristics are analyzed. The potential risks of applying various ChatGPT
technologies in biomedical fields are analyzed. As a very important facilitating tool, ChatGPT technologies
will accelerate the research speed and improve the service quality of the field of biomedicine, expand rather
than replace the professional knowledge scope of researchers. In the future, the construction of fine-tuned
mining-type GPT tools and deployment-type service facilities should be strengthened to promote the
effective application of ChatGPT technologies in the biomedical field.
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