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Artificial intelligence verification platform:a review

Wu Guozheng' Wang Zhiheng' Han Junwei’ He Bin’
(1. Department of Information Sciences s National Natural Science Foundation of China s Beijing 100853
2. Key Laboratory of Information Fusion Technology . Northwestern Polytechnical University , Xi'an 710072

3. Department of Control Science and Engineering s Tongji University s Shanghai 200092)

Abstract In recent years, benefitting from the improvement of hardware performance, software algorithms
and the large-scale computing capabilities based on cloud platforms, artificial intelligence (AI) with deep
learning as the core has developed rapidly. Al verification platform, the application of artificial intelligence
in the related industries, plays a significant role in promoting the intelligent transformation and upgrading
of various industries and driving the industrial revolution. Based on the 216th Shuangqing Forum, this
paper focus on the current situation and limitations of the core technology of the artificial intelligence

verification platform, and explore the future development direction meanwhile.

Key words hardware performance; software algorithms; cloud platforms; artificial intelligence;

verification platform



