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Several influential research directions of econometrics theory in big data era
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Abstract As a review of the 206™ “Shuangqing Forum”, this article provides a summary about the
opportunities and challenges for econometrics brought by new data form and complex relationship among
variables in big data era. Forum participants reach a consensus that Chinese scholar should fully utilize the
advantage of big data endowment under the background of the “Internet Plus” national strategy and fast
development of digital economy, try to achieve certain significant and original theoretical breakthrough in
the following areas, such as forecasting and modelling of Macro-level data, modelling of high dimensional
and non-structural data, modelling of time series and spatial data, policy evaluation based on big data and

financial data modelling with modern network.
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